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1 [21

(mglL) (mol/L) (mol/L) (10t /m) | (10° /m)
1 23.00 7.14 30.30 0.27 0.43 147.00 7.56
2 23.30 7.22 30.40 0.72 0.10 71.50 530.00
3 23.70 7.36 30.50 2.05 0.36 125.00 260.00
4 23.00 7.06 30.30 0.40 0.54 109.00 2.80
5 23.50 7.38 30.30 0.31 0.47 205.00 4.04
6 23.10 7.12 30.20 0.17 0.40 745 5.99
7 23.20 7.31 30.40 0.73 0.26 160.00 466.98
8 24.70 7.56 30.20 0.32 0.32 10.50 91.48
9 22.50 6.97 30.40 0.52 0.56 187.00 7.60
10 23.30 7.54 30.50 0.52 0.07 32.00 180.00
u 23.30 7.44 30.60 0.81 0.18 31.10 440.10
12 23.10 7.50 30.40 0.56 0.39 146.00 469.98
13 22.90 7.06 30.30 0.40 0.54 148.00 177
14 2355 7.56 30.34 0.84 0.08 25.52 169.15
15 22.87 7.12 30.26 0.35 0.47 105.33 316
16 24.26 7.82 3051 0.17 0.41 124.37 7.24
17 23.13 7.40 30.61 0.78 0.19 30.78 414.99
18 23.56 7.38 3031 0.29 0.54 170.02 3.05
19 22.75 7.61 30.73 0.81 0.24 10.49 24.66
20 22.98 7.19 30.25 0.25 0.37 131.57 7.31
21 23.03 7.12 30.36 0.31 0.41 138.22 7.49
22 22.99 7.44 30.40 0.60 0.34 11854 309.75
23 22.94 7.17 30.17 0.17 0.41 67.21 9.03
24 23.28 7.57 29.56 0.24 0.48 194.67 92.85
25 24.20 7.83 30.50 0.14 0.40 148.00 8.28
26 22.90 7.56 30.80 0.83 0.21 9.72 23.70
27 23.40 7.54 29.50 0.23 0.43 226.00 60.40
28 23.40 7.62 30.40 0.88 0.07 31.80 159.96

[5]
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Forecast model for red tide on artificia neural network

MA Yu-mei GAO Jing-yu, WANG Qing-huan
(1. Natural Science College of Dalian Nationaities University, dalian 116600 China 2. BHR-FRONTLINE Technologies
(Ddian) Co. Ltd, dalian 116600 China 3. Compute Center of Hebei Normal University, Shijiazhuang 050016 China)

Abstract This paper bring forward a forecast model for ocean predict by combining
nonlinear time sequence and artificial neural network. Using this model to make a forecast
the rid tide of ocean and giving an analysis to the imitate result. It show that the model
is provided with better ability for forecast.
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